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Online Relationship Formation
As online shopping evolves from being primarily transactional to being more relational, sellers aim to form online
relationships. This article investigates online relationship formation, identifies the performance payoffs that result from
forming different types of online relationships (unilateral vs. reciprocal), and tests the most effective relationship-
building strategies. Study 1, based on a longitudinal buyer-level analysis of an online shopping community, reveals
that buyers use community-, seller-, and buyer-generated signals to identify suitable relationship partners and reduce
online shopping risk. These signals generally diminish in importance as buyers gain experience but become more
important when buyers are forming reciprocal relationships. Study 2 evaluates the dynamic payoffs of online
relationship formation (seller-level analysis) on sales; the effect on sales of reciprocal relationships is three times
greater and lasts seven times longer than that of seller-initiated, unilateral relationships. Study 3 is a field experiment
testing managerially actionable strategies for leveraging relationships to grow online sales. Tenets arising from
differences between online and offline relationships, together with the results from the three studies, inform an
emerging theory of online relationships.
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Shopping on e-commerce marketplaces such as eBay and
Alibaba continues to increase (Reich 2013). In theUnited
States, more than 60% of buyers make e-commerce

purchases through online marketplaces, and online retail sales
are expected to exceed $330 billion in 2015 (Forrester Report
2015). In China, onlinemarketplaces account for more than 90%
of all e-commerce (Nowlin 2014). As online sales grow and
customers gain e-commerce experience, online shopping also
is evolving from primarily a transactional exchange to a more
relational-based exchange, similar to traditional retail inter-
actions. To facilitate this transition, online shopping com-
munities offer means to reinsert the “shopping experience” and
“personal interaction” into the modern retail purchasing process;
whenmissing, such elements often represent the greatest concern

consumers express with regard to online (compared with tra-
ditional) retailing (Dholakia and Vianello 2009; Reich 2013;
Yin 2010). Sellers thus work to form online relationships with
customers in online shopping communities, with the belief that
doing sowill increase their performance.However, little research
has evaluated the actual effectiveness of online relationship-
building strategies (Verma, Sharma, and Sheth 2016). Thus, we
aim to increase understanding of online relationship formation,
aswell as the performance payoffs that result fromdifferent types
of online relationships (buyer/seller unilateral vs. reciprocal1) and
the most effective relationship-building strategies.

In many ways, online and offline relationships are similar;
psychological systems and the human need for relationships are
at play in both settings (Zhu et al. 2012). However, there are
important differences between offline and online channels that
prevent simple applications of offline strategies to online channels
(e.g., anonymity). These differences affect online relationship
formation by increasing the relative importance of other cues or
signals to reduce uncertainty about the suitability or benevolence
of potential online partners, the speed of relationship formation,
and the salience of reciprocation as a signal of relational
intentions.

To increase understanding of online relationship formation,
its performance implications, and effective strategies, we con-
duct three related studies. In Study l, we attempt to identify
which signals drive relationship formation, in the context of an
online shopping community on the largest e-commerce platform
in China. Using a hazard model, we evaluate factors that cause
new buyers to form 1,074 unilateral or reciprocal relationships
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with sellers over a five-month data collection period, contingent
on moderating factors (buyer-level analysis). In Study 2, we use
the same longitudinal data collection approach but analyze the
impact of unilateral and reciprocal buyer–seller relationships
on the sales performance of 336 sellers (seller-level analysis).
To account for the dynamic nature and potential endogeneity
among variables, we use a vector autoregressive (VARX)
approach. Thus, our focus is on the dynamic payoffs sellers
experience from online relationship formation. Finally, Study 3
combines key insights from Studies 1 and 2 to test the effec-
tiveness of managerially actionable strategies for leveraging
relationships to increase online sales, using a field experiment
in a different online context with nearly 800 potential customers.

This article thus contributes to extant literature in five main
ways. First, we provide insights into online relationship for-
mation dynamics from a signaling theory perspective. Buyers
use signals to identify suitable relationship partners, including
bilateral communication, or the direct exchange of information
between a buyer and a seller; the seller’s reputation, which is a
signal of the seller’s quality, as perceived by the buyer; and
relational observation, which refers to buyers observing their
community neighbors’ relational choices with sellers. By using
these signals, buyers reduce their online shopping risk. How-
ever, we find that signals diminish in importance (with the
exception of seller’s reputation) as buyers gain experience
because they develop and use their own expanding knowledge
to make decisions. In addition, these signals are more important
when buyers form more committed, reciprocal relationships in
response to seller-initiated relationship efforts compared with
when they form unilateral relationships. Relational observation
also enhances the effects of communication and seller’s rep-
utation, such that these factors seem more credible when they
come from a source that is closely linked to the buyer.

Second, this article is the first to reveal the dynamic effects of
buyer- and seller-unilateral and reciprocal relationships on online
sales, enabling us to investigate and detail differential payoffs
across all three types of online relationships. As Study 2 shows,
building a portfolio of reciprocal relationships is very important
for growing online sales. The effect of reciprocal relationships on
the seller’s sales is three times greater and lasts far longer than
does the effect of seller-initiated unilateral relationships; it also is
approximately 60% greater than that of buyer-initiated unilateral
relationships. To influence buyer relationship formation indi-
rectly, sellers could signal their value as a partner (e.g., by en-
hancing reputation) or directly initiate relationships with potential
buyers (e.g., by following a buyer). Yet our results show that
sellers’ outreach efforts have limited effectiveness for increasing
sales unless they can get buyers to reciprocate (e.g., follow back)
because reciprocation generates substantial multiplier effects for
both sales and dynamic reach. These findings lead to a mana-
gerially important question: How can sellers get buyers to
reciprocate seller-initiated unilateral relationships?

Third, to address this question, we use a field experiment to
identify and test managerially actionable strategies for using
relationships to grow online sales. Specifically, we combine the
Study 1 finding that relational observation has the largest effect
in terms of driving buyers’ reciprocal relationship formation and
the Study 2 finding that the highest payoffs come from recip-
rocal relationships. In Study 3, we find that the rate of buyer

reciprocation of seller-initiated relationships is 70% higher
when buyers follow a community member (intermediary) who
is already following the seller (i.e., relational observation). An
intermediary’s choice to follow a specific seller sends a signal to
the buyer that the seller is reliable, credible, and a good “fit.”
Relational observation also is more effective when the repu-
tation of the intermediary is better than that of the buyer. These
effects can be understood from a signaling perspective; signals
have more weight when they come from a source that is more
credible than the receiver is.

Fourth, we describe the unique characteristics of online
relationships, outline supporting evidence, and discuss impli-
cations for building and executing online relationship market-
ing strategies. From these insights and findings, we offer three
tenets that inform an emerging theory of online relationships.

Fifth, by integrating the results from all three studies and
applying post hoc analysis, we provide managerial insights and
takeaways related to the effects of various online marketing
strategies at different levels of buyers’ experience and for various
relationship types (unilateral vs. reciprocal). For example, for
new buyers (–1 SD in experience) forming reciprocal rela-
tionships, relational observation is the most effective means to
increase relationship formation (twice as effective as commu-
nication and three times more effective than seller’s reputation)
and, ultimately, seller sales, because reciprocal relationships offer
the highest payoff. However, for experienced buyers, the pattern
of results reverses. For experienced buyers (+1 SD) forming
reciprocal relationships, seller reputation is the most effective
means to increase relationship formation (approximately three
times as effective as communication and relational observation).
Thus, relational observation is most effective for new buyers and
least effective for experienced buyers, and the seller’s reputation
has opposite effects.

Role of Relationships in Online
Shopping

Online Shopping

In 2014, global e-commerce reached $1.3 trillion in sales, and
China was the leading e-commerce market, followed by the
United States (eMarketer 2014). Many e-commerce purchases
occur in online marketplaces, which are platforms that unite
buyers and sellers. As customers purchase more products and
services online, online shopping also is evolving from its roots
as a transactional exchange to a more relational exchange.
Customers still want an engaging community experience that is
typically associated with offline shopping because they “par-
tially substitute shopping for recreation and use these activities
to develop social activities and bonds with others” (Anderson,
Swaminathan, andMehta 2013, p. 14). As a result, within these
large online marketplaces, smaller shopping communities, or
subgroups that facilitate interactions among buyers and sellers
around some particular interest, are emerging. The communities
provide more “interpersonal” interactions and shopping expe-
riences (Dholakia and Vianello 2009). For example, eBay
describes them as “a great place to connect with other com-
munity members who share similar interests,… give support,
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share information, and connect with fellow members” (eBay
2015).

Social media platforms such as Facebook, Twitter, and
Weibo also have substantial roles in e-commerce, increasing
brand and product awareness, providing information, and
linking customers to online marketplaces and shopping
communities. Social media can “promote deep relationships,
allow fast organization, improve the creation and synthesis of
knowledge, and permit better filtering of information” (Kane
et al. 2009, p. 46). For example, Instagram provides links to
online shopping communities (e.g., LIKEtoKNOW.it) by
providing direct links to the products in the pictures of
various fashion influencers. Because they enhance custom-
ers’ shopping experience, provide socially relevant product
and seller information, and reduce purchase uncertainty,
online relationships are key to growing online sales. How-
ever, researchers argue that “online retailers find it more
difficult to build a relationship with consumers as compared
to brick and mortar retailers,” and sellers often lack insights
into how to adapt face-to-face relational strategies to an
online context (Verma, Sharma, and Sheth 2016, p. 207).

Online Relationships

Online buyers connect to sellers and other buyers to learn aswell
as to improve their shopping experience (Manchanda, Packard,
and Pattabhiramaiah 2015). For example, “in eBay’s online
community, customers’ discussions regarding trading issues are
interspersedwith personal conversations, humor, social support,
and helping behaviors” (Zhu et al. 2012, p. 396). Thus, the needs
that drive online relationships are similar in many ways to the
needs that are satisfied by offline relationships. Regardless of
the channel, the psychological underpinnings and human desire
for relationships transcend the environment, so “all communi-
ties, whether online or offline, are subject to psychological pro-
cesses of identification, appreciation ofmembers’ contribution,
camaraderie, and perceptions of social support” (Zhu et al.
2012, p. 404). Relationships that users develop on the Internet
can be as strong and as deep as the ones in offline settings;more
than 80% of respondents in one study identify their online
relationships as equally important and close as their offline
relationships (McKenna, Green, and Gleason 2002).

Even though the underlying psychological roots are similar,
differences in offline and online shopping channels can have
profound effects on online relationship formation. As Stephen
and Toubia (2010, p. 217) note, “though similar to offline shop-
ping centers at a basic level, social commerce marketplaces are
not merely online equivalents of shopping centers.” There are
several differences between offline and online channels. First,
offline relational partners are often located in geographic
proximity, particularly during the relationship formation stage,
which supports richer face-to-face communication, whereas
online relational partners can be anywhere in theworld andmight
never meet face-to-face, leading to leaner communication with
limited verbal and nonverbal cues (Benedicktus et al. 2010).
Second, offline relational partners typically know the identity of
potential partners, whereas online relational partners may have
little knowledge of the true identity of potential partners. Third,
many online relationships have a stable unilateral structure,

whereby a relationship partner never reciprocates but remains in
the unilateral relationship as a follower (Trier and Richter 2015),
which is not as common in offline relationships because of the
social pressure to reciprocate. Fourth, the level of social inter-
connectedness differs, in that offline relational partners typically
have many more common friends than do online relational
partners (Chan and Cheng 2004). Most of these differences
increase the risk that an online partner might behave oppor-
tunistically, thus enhancing the importance of risk-reducing and
trust-building signals during the relationship-formation process.

Online Relationship Formation

People form (offline and online) business relationships to reduce
uncertainty and buy from trusted partners in an exchange
governed by relational norms (Adjei, Noble, and Noble 2010;
Palmatier,Dant, andGrewal 2007). Buyer uncertainty arises as a
result of information asymmetries between sellers and buyers,
and these issues are magnified in the less observable online
context “because the spatial and temporal separation of the
online environment creates additional information asymmetries
that benefit the seller” (Pai and Tsai 2011, p. 604). Information
asymmetry also makes it difficult for buyers to identify good
partners in the relationship-formation process, so they increase
their focus on observable signals (Kirmani and Rao 2000).

After one party identifies a potential online relational partner,
the next step is to initiate a relationship by following the other
party, which constitutes a unilateral relationship. Arguably, the
most important step is the subsequent reciprocation by the other
party, which indicates mutual interest in the bilateral relational
bond, or a reciprocal relationship. To determine the suitability
of a potential partner and whether to reciprocate a seller’s
relationship request, buyers evaluate signals similar to the ones
they would consider if they were initiating the relationship
themselves. Reciprocation is the critical step in relationship
formation because it “forms the basis on which the entire social
and ethical life of … civilizations presumably rests” (Gouldner
1960, p. 161). By indicating greater commitment, it also en-
courages persistent interactions (Chan and Li 2010). Stronger,
more committed bonds then yield many benefits, including
relationship growth, loyalty, and the desire to reward partners
directly, with more sales, and indirectly, through word of mouth
(Lund, Kozlenkova, and Palmatier 2016; Palmatier et al. 2009).

Understanding Online Relationship
Formation (Study 1)

Perceived risk inhibits various types of consumer transactions
online (Andrews and Boyle 2008). Feelings of uncertainty and
perceived risk are exacerbated in online shopping communities
because people can bemore anonymous online (Rotman 2010);
in addition, there is an overwhelming number of sellers and the
perception that “almost anyone can set up a retail presence on
the Internet at a very low cost” (Biswas andBiswas 2004, p. 30).
To manage this risk, online buyers aim to build relationships
and look formarketplace signals to identify the best relationship
partners before purchasing. As signaling theory argues, visible
signals can indicate unobservable attributes and help resolve
information asymmetry (Kirmani and Rao 2000). In online
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shopping communities, three main categories of observable
signals can help buyers identify suitable partners: (1) signals
coming directly from the seller, such as bilateral communica-
tion; (2) signals about the seller from the overall online com-
munity, such as the seller’s reputation; and (3) signals from
observing relationship choices of those community members
with whom the buyer is closely connected, or the buyer’s rela-
tional observation. In Study 1, we investigate the effects of these
risk-reducing signals on the likelihood that a buyer forms a
relationship with a seller, as well as factors that may moderate
these effects (Figure 1, Panel A). In an online context, buyer
relationship formation refers to a buyer following a seller and
can be either unilateral (seller is not following the buyer back) or
reciprocal (seller is following the buyer too). Understanding this

relationship formation is critical because it is a key precursor to a
buyer’s ultimate purchase decisions (Ha 2004).

Conceptual Model and Hypotheses

Bilateral communication. We define bilateral commu-
nication as the direct exchange of information between a buyer
and a seller. In online shopping communities, communication
can be initiated by either party and may include a reply or not.
Communication builds trust (Palmatier et al. 2006) and en-
courages long-term relationships between buyers and sellers
(Reinartz, Thomas, and Kumar 2005). In online communities,
communication may be even more critical because even
minimal or superficial communication on unimportant issues

FIGURE 1
Conceptual Models for Formation and Payoffs of Online Relationships
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among online strangers signals trustworthiness (Nass and
Yen 2010). For example, by communicating with a potential
buyer, a seller can seem less anonymous and send a signal to
reassure the buyer of the seller’s expertise, reliability, and
responsiveness, which lowers perceived risk. The seller also
signals transparency and trustworthiness to the potential buyer,
which should increase the buyer’s desire to form a relationship
(Porter and Donthu 2008; Verma, Sharma, and Sheth 2016).

Communication is especially important early in the rela-
tionship, to help “not only build initial trust but also help
develop processes and norms that support lasting improve-
ments in relationship interactions” (Palmatier 2008, p. 61).
However, over time, communication often yields diminishing
returns (Palmatier et al. 2013). The longer buyers are present in
an online community, the more knowledgeable, experienced,
and comfortable they become, and the less risk they feel (Zhu
et al. 2012). As buyers gain experience, they have fewer infor-
mational needs, and their perception of informational asymmetry
lessens, so communication becomes less valuable and less likely
to trigger the need for relationship formation as a means to
manage risk.

H1: (a) Bilateral communication increases buyer relationship
formation, and (b) these effects diminish with the buyer’s
experience.

Seller’s reputation. Reputation is a signal of the seller’s
quality, as perceived by the buyer (Baker, Faulkner, and Fisher
1998). The seller’s reputation can serve as another source of
information, because a strong reputation alleviates consumers’
perceived risk and potential concerns about the seller (Pavlou,
Liang, andXue 2007). In online shopping communities, a signal
of the seller’s reputation provides “a viable mechanism for
fostering cooperation among strangers ... by ensuring that the
behavior of a trader toward any other trader becomes publicly
known and may, therefore, affect the behavior of the entire
community toward that trader in the future” (Dellarocas 2003,
p. 1407). This information typically is easily accessible and
highly visible in online communities (e.g., stars to rate the
seller).Accordingly, 84%of onlineU.S. shoppers are influenced
by others’ perceptions of seller quality, which signal credibility
and thereby reduce perceived risk (Anderson, Swaminathan,
andMehta 2013). Thus,we expect that buyers seek out and form
relationships with sellers that have strong reputations.

However, the longer buyers are active in an online shopping
community, the more experience, knowledge, and familiarity
they gain, which makes them perceive less risk in dealing with
sellers (Yoon 2002). For example, aftermaking a few successful
product returns to sellers in the community, a buyer likely will
be less hesitant about dealing with other sellers, even if they do
not have strong reputations. Thus, as the buyer becomes more
experienced, the value of the seller’s reputation as a risk-
reducing signal diminishes.

H2: (a) A seller’s reputation increases buyer relationship
formation, and (b) these effects diminish with the buyer’s
experience.

Buyer’s relational observation. Buyers in an online
community also observe the behaviors of those to whom they
are closest in the online shopping community. Signals from

community neighbors are especially powerful because pro-
spective buyers want to know not only which sellers and
products are considered good in general but also which are
“good for folks like us” (Van den Bulte andWuyts 2007, p. 41).
A buyer’s relational observation in an online shopping context
refers to buyers observing their community neighbors’ relational
choices with sellers. For example, if a buyer follows a fellow
community member who is following a seller, the buyer
receives valuable information about that specific seller’s value
as a potential partner. Researchers describe similar observational
processes as imitation, exposure, contagion, or observational
learning, depending on the context and theoretical paradigm
(Nitzan and Libai 2011; Van den Bulte and Wuyts 2007).
Previous research has shown thatwhen feeling uncertain, people
look to others to decide how to act (Chen 2008).

Relational observation helps buyers assess sellers’ credi-
bility by providing a source of information or signal that they
consider personally relevant (Chen, Wang, and Xie 2011). To
find trustworthy sellers that fit their needs, buyers look to see
where the people they follow do their shopping. For example,
on Polyvore, an onlinemarketplace for fashion products, buyers
can follow other buyers whose tastes they like. When buyers
observe that their relational partners have a relationship with a
specific seller, they are more likely to form a relationship with
that seller too. Similar to communication and reputation, the
influence of relational observation should diminish as the buyer
gains experience (Nitzan and Libai 2011).

Finally, we expect that relational observation works syn-
ergistically with both bilateral communication and the seller’s
reputation in increasing the likelihood that a buyer forms a
relationshipwith a seller. Relational observation can validate the
two other signals by adding credence or weight to the com-
munication and reputation information, because it provides an
indication of “fit” that is unique to that buyer (Adjei, Noble, and
Noble 2010). For example, the seller’s reputation signals that
the seller is generally reliable and trustworthy but gives little
insight into whether the seller’s offering matches the buyer’s
personal preferences (e.g., taste, price). Thus, the seller’s rep-
utation and bilateral communication should have stronger
impacts on the buyer’s likelihood to form a relationship as
relational observation of the seller increases.

H3: (a) The buyer’s relational observation increases buyer rela-
tionship formation, and (b) these effects diminish with the
buyer’s experience.

H4: The positive effect of (a) bilateral communication and (b) the
seller’s reputation on buyer relationship formation is greater as
the buyer’s relational observation increases.

Buyer’s reciprocal (vs. unilateral) relationships. In online
shopping communities, buyers can initiate a relationship with
a seller or reciprocate a seller-initiated relationship. Recip-
rocating a relationship indicates a higher psychological level of
commitment on the part of the buyer than does an initial step
of unilateral relationship formation, which may be only an
information-gathering step, whereas reciprocation is an active
relationship-building step. Thus, we expect that when the buyer
is in a reciprocating (vs. an initiating) position, the three
informational signals about the seller (i.e., bilateral communi-
cation, seller’s reputation, and relational observation) become
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more impactful and valuable to the buyer. In offline contexts,
people generally recognize that reciprocal relationships evoke
exchange norms, which bind them to specific actions (Dahl,
Honea, and Manchanda 2005). Research has shown that
“reciprocity implicates a responsibility” (Nass and Yen 2010,
p. 181), regardless of the relationship stage; experiments reveal
that even complete strangers interacting online for a mere five
minutes about inconsequential issues felt a sense of responsi-
bility to reciprocate, implying higher feelings of commitment.
Nass and Yen (2010, p. 190) conclude that “experiments on
reciprocity highlight a key point about social behavior: the more
fundamental and basic a social rule, the less you need to do to get
others to follow it,” which implies that reciprocity can occur at
any stage and in any type of relationship. Furthermore, feelings
of reciprocity are so fundamental that they translate across
cultures and even can be felt toward inanimate objects, such as
computers. Buyers may want to avoid this sense of future
obligation altogether; if a seller already follows them, buyers
may choose to ignore it and not reciprocate, unless they are
reassured by other signals about this seller. Therefore, bilateral
communication, seller’s reputation, and relational observation
should bemore important and valuablewhen a buyer is deciding
to form a reciprocal versus a unilateral relationship.

H5: The positive effect of (a) bilateral communication, (b) the
seller’s reputation, and (c) the buyer’s relational observation
on buyer relationship formation is greater when establishing
reciprocal versus unilateral relationships.

Methodology

Our conceptual model aims to explicate the signals that drive
relationship formation for individual buyers in an online
shopping community. Several characteristics of our context
make it appropriate for testing our model. First, we focus on a
single category in the Taobao.com online shopping community
(clothing) to reduce product heterogeneity. Second, sellers are
visually distinct from buyers on this platform because they
include hyperlinks to their online stores in all interactions.
Every time a seller posts, replies, or follows another member,
the hyperlink to the seller’s online store appears. The online
shopping community also enables members to communicate
and share information, which can be observed. Third, any
potential buyer can join the community and form unilateral
relationships (follow)with other members as well as reciprocate
(follow back). Thus, members can build multiple relationships,
gain information about others, and observe other members’
behaviors. Finally, Taobao.com is the largest e-commerce
platform in China, which makes it an important online retail
context.

Sample and measurement. In building the longitudinal
sample, we aimed to minimize preexisting relationships by
restricting the sample to new members who joined the com-
munity after the start of our data collection onApril 1, 2014. The
data collection lasted 134 days, consistent with our interest in
studying online relationship formation. We programmed a web
crawler to search and store data from the online shopping
community daily. We obtained data about 146 buyers who
formed 1,074 relationships with 336 sellers.

We used existing measures whenever possible. Buyer re-
lationship formation is a binary variable equal to 1 if a buyer
forms a relationship with (i.e., follows) a seller at time t, and 0
otherwise. Bilateral communication ðCOMi,j,tÞ indicates the
number of times communication occurred between a buyer and
seller before time t. Buyers and sellers generally interact in
community forums by replying to each other’s postings. We
thus identify text associated with “@+member ID” in the
community at time t, using simple text mining techniques, and
record the communication between buyer i and seller j before
time t. To measure the seller’s reputation ðREPj,tÞ, we code
seller j’s reputation at time t as the average scores of reviews by
buyers (1 = lowest, and 5 = highest) pertaining to transactions
that occurred before time t. Buyers provide scores on several
dimensions (e.g., product description, customer service), so
each seller’s average score reflects all previous buyers’ ratings.
The buyer’s relational observation ðOBSi,j,tÞcaptures the
number of other members this buyer follows who also follow
the seller, prior to relationship formation between the focal
buyer and seller (Van den Bulte and Wuyts 2007). This uni-
directional, intermediate linkage between the buyer and the
seller is an important distinction between the construct of
relational observation and other constructs, such as degree
centrality, which captures the number of ties a buyer has
without specifying the direction or position relative to the seller.
The buyer’s experience ðEXPi,tÞ reflects the time elapsed, in
weeks, since the buyer joined the online shopping community
before time t. The buyer’s reciprocal relationships ðRECi,tÞ is a
dummy variable, where relationships reciprocated by the buyer
equal 1, and relationships initiated by the buyer (unilateral)
equal 0. As control variables, we include the seller’s duration,
common events, number of followers of the buyer and the
seller, and the seller’s product breadth. Table 1 contains a
detailed summary of all construct definitions and operation-
alizations; Table 2 reports the descriptive statistics and cor-
relations of all variables.

Estimation and results. To estimate our model, we use a
Cox (1972) proportional hazard regression model. Relationship
formation is a time-based binary event, and the probability of
relationship formation over time is a function of time-varying
independent variables. Time-based phenomena can bemodeled
effectively with a hazard function, which can identify cross-
sectional and longitudinal effects as well as handle sample
selection biases such as censoring. We therefore estimate a
hazard model using a semiparametric partial likelihood method
(Mitra and Golder 2002; Thompson and Sinha 2008). We set
the hazard rate h(t) to reflect the probability of relationship
formation between a buyer and a seller; it represents the
instantaneous probability of an event (relationship formation),
given that it has not occurred yet at time t (Kleinbaum andKlein
2005). Equation 1 represents the main-effects only model, and
Equation 2 is the full model with the hypothesized interactions
we use for hypothesis testing:

hðtÞi,j = h0ðtÞexp
!
a + b1COMi,j,t + b2REPj,t

+ b3OBSi,j,t + b4EXPi,t + b5RECi,t

+ dControls + e
"
.

(1)
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TABLE 1
Constructs, Definitions, and Operationalizations

Constructs Definitions Operationalizations

Study 1
Buyer relationship
formation

Buyer forming a relationship with a seller
(following/friending) in an online shopping
community

Dummy variable, where 1 = relationship formation
and 0 = otherwise

Bilateral
communication

Direct exchange of information between a buyer
and a seller prior to relationship formation, which
may be initiated by either party

COMi,j,t = INTi,j,t-1, where communication (COM)
between i and j at time t = number of interactions
(INT) before time t (t - 1)

Seller’s reputation Signal of seller’s quality in reviews left by
previous buyers

REPj,t =REVj,t-1, where reputation (REP) of seller j at
time t = average score from reviews of previous
transactions (1 = lowest, and 5 = highest)

Buyer’s relational
observation

Observing the behavior of others whom the
buyer is following, who also follow the seller
(i.e., intermediary)

OBSi,j,t = number of other members in the community
the buyer follows, who also follow the seller, prior to
the relationship formation between focal buyer and
seller before time t (t - 1)

Buyer’s experience Time since the buyer joined the online shopping
community

EXPi,t = TIME i,t-1, where i’s experience (EXP) at
time t = number of weeks since i joined the
community

Buyer’s reciprocal
relationships

In online shopping communities, a user
following the party who initiated the relationship,
making the relationship bidirectional (Van den
Bulte and Wuyts 2007)

RECi,t is a dummy variable, where relationships
reciprocated by the buyer = 1, and relationships
initiated by the buyer (unilateral) = 0

Study 2
Seller performance Seller’s daily revenue from all buyers on the

shopping platform
Revenuei,t, where seller i’s performance at time t =
revenue in time t

Seller-unilateral
relationships

Relationships initiated by the seller but not
reciprocated by buyer

For seller i, i 2 m, and buyer j, j 2 n, ɑi,j 2 A
SUR(seller-unilateral relationship) =!n

j=1 ai,j = 1, aj,i „ 1; A is
the relationship matrix; m is the total number of
sellers; n is the total number of buyers

Buyer-unilateral
relationships

Relationships initiated by the buyer but not
reciprocated by seller

For seller i, i 2 m, and buyer j, j 2 n, ɑi,j2 A
BUR(buyer-unilateral relationship) = !m

i=1 aj,i = 1,
ai,j „ 1; A is the relationship matrix; m is the total
number of sellers; n is the total number of buyers

Reciprocated
relationships

Total number of bidirectional relationships
(seller following buyer and buyer following
seller) (Van den Bulte and Wuyts 2007)

Sum of overlapped grids between matrix At and its
transpose At

T (where both values from matrix At and
matrix At

T equal 1)

Study 3
Buyer’s relational
observation

Observing the behavior of others whom the
buyer is following, who also follow the seller (i.e.,
intermediary), prior to relationship formation
between buyer and seller

Variable reflecting whether the buyer has any
intermediaries with the seller (1 = existence of
intermediaries, 0 = no intermediaries)

Buyer-reciprocated
relationship

In online shopping communities, the buyer
follows the party who initiated the relationship,
such that the relationship is bidirectional (Van
den Bulte and Wuyts 2007)

Buyer following back the seller after the seller has
initiated a relationship (1 = buyer reciprocated; 0 =
buyer did not reciprocate)

Intermediary’s
reputation

Perceptions held by community members of the
intermediary’s expertise, knowledge, and
credibility

Number of community members following the
intermediary

Buyer’s reputation Perceptions held by community members of the
buyer’s expertise, knowledge, and credibility

Number of community members following the buyer

Control Variables
Seller’s duration
(Study 1)

Time since the seller joined the online shopping
community

DURj,t = TIME j,t-1, where j’s duration (DUR) at time
t = number of weeks since j joined the community
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hðtÞi,j = h0ðtÞexp
!
a + b1COMi,j,t + b2REPj,t + b3OBSi,j,t

+ b4EXPi,t + b5RECi,t + g1COMi,j,t · EXPi,t
+ g2REPj,t · EXPi,t + g3OBSi,j,t · EXPi,t
+ g4OBSi,j,t · COMi,j,t + g5OBSi,j,t · REPj,t
+ g6OBSi,j,t · RECi,t + g7REPj,t · RECi,t

+ dControls + e
"
.

(2) In the results reported in Table 3, Model 2 includes the
interactions and exhibits a better fit than the main-effects-only
model (Model 1). As a robustness test, we add aGaussian frailty
term in each equation to account for unobserved heterogeneity
across individual buyers, and the results remain consistent. The
Gaussian frailty term is not significant in either Models 3 or 4.
The Akaike information criterion values and model coefficients

TABLE 1
Continued

Constructs Definitions Operationalizations

Common events
(Study 1)

Buyer’s and seller’s participation in the same
community events

EVTi,j,t 5 NJPi,j,t-1, where common events (EVT)
between i and j at time t 5 number of joint
participations in community events (NJP) at (t - 1)

Buyer’s followers
(Study 1)

Number of people following the buyer FOLi,t 5 number of buyer i’s followers prior to
relationship formation with seller

Seller’s followers
(Study 1)

Number of people following the seller FOLj,t 5 number of seller j’s followers prior to
relationship formation with buyer

Seller’s product
breadth (Study 1)

Total number of items the seller is offering Total number of items listed on seller j’s electronic
shop before time t (t - 1)

Seller’s reputation
(Study 2)

Signal of seller’s quality in reviews left by
previous buyers

REPj,t 5 REVj,t-1, where reputation (REP) of seller j
at time t 5 average score from reviews of previous
transactions (1 5 lowest, and 5 5 highest)

Number of members
buyer follows
(Study 3)

Overall number of people the buyer follows in
the community

Total number of people the buyer follows in the
community

Buyer’s activity level
(Study 3)

Overall level of activity of the buyer in the
community

Total number of posts made by the buyer in the
community

Notes: Sellers all display “shop tags,” or embedded hyperlinks to their electronic stores; buyers are those without any such shop tag.

TABLE 2
Descriptive Statistics and Correlations (Studies 1 and 2)

A: Study 1

Variable M SD 1 2 3 4 5 6 7 8 9 10 11

1. Buyer relationship formation .02 .11 1.00
2. Bilateral communication 4.17 2.49 .02 1.00
3. Seller’s reputation 3.77 1.21 .12** .13** 1.00
4. Buyer’s relational observation 3.18 2.18 .07* .23** .14** 1.00
5. Buyer’s experience 14.83 7.38 .07* .02 .07* .28** 1.00
6. Buyer’s reciprocal relationship .01 .01 .15** .10** .03 .01 .07* 1.00
7. Seller’s duration 10.67 5.24 .05 .22** .03 .03 .02 .07* 1.00
8. Common events 6.98 3.09 .05 .21** .12** .02 .04 .12** .13** 1.00
9. Buyer’s followers 11.87 12.00 .06 .21** .04 .04 .11** .03 .26** .01 1.00
10. Seller’s followers 18.38 12.46 .08* .09** .12** .01 .10** .05 .08* .09** .12** 1.00
11. Seller’s product breadth 30.03 9.66 .01 .23** .00 .02 .07* .73* .10** .12** .03 .03 1.00

B: Study 2

Variable M SD 1 2 3 4 5

1. Seller performance 33.11 13.62 1.00
2. Seller-unilateral relationships 12.99 9.85 .08* 1.00
3. Buyer-unilateral relationships 8.02 6.83 .19** .21** 1.00
4. Reciprocal relationships 3.03 1.52 .27** .02 .03 1.00
5. Seller reputation 3.63 1.19 .05 .08* .09* .11** 1.00

*p < .05.
**p < .01.
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suggest that unobserved buyer heterogeneity is not a significant
issue.

As we predicted in H1a, communication positively affects
buyer relationship formation with a seller (b = .21, p < .01), and
the buyer’s experience diminishes this effect (g = -.15, p < .01),
in support of H1b. The seller’s reputation positively affects
buyer relationship formation (b = .27, p < .01), in support of
H2a. However, contrary to H2b, the buyer’s experience does not
diminish but rather enhances this effect (g = .25, p < .01). In
support of H3a, the buyer’s relational observation positively
affects relationship formation (b = .18, p < .01), and this effect
weakens as the buyer’s experience increases (g = -.43, p < .01),
as we predicted in H3b. The buyer’s relational observation
enhances the positive effect of communication (g = .13, p < .01)
and reputation (g = .24, p < .01) on buyer relationship for-
mation, in support ofH4a andH4b. Finally, H5 is fully supported;
communication (g = .13, p < .01), seller’s reputation (g = .13,
p < .01), and relational observation (g = .18, p < .01) have

stronger effects on buyer relationship formation when the buyer
is reciprocating a seller-initiated relationship rather than form-
ing a unilateral relationship.

Discussion

Study 1 supports the notion that buyers use seller-, buyer-, and
community-generated signals (e.g., communication, relational
observation, reputation) to identify suitable relationship partners
and reduce online shopping risk. These signals generally
diminish in importance (with the exception of seller’s repu-
tation) as buyers gain experience because they develop and use
their own knowledge to make decisions. The signals become
even more important when buyers form more committed
reciprocal relationships in response to a seller-initiated rela-
tionship, compared with when they form unilateral relation-
ships on their own. In addition, relational observation appears
to be the most critical signal for buyer relationship formation,

TABLE 3
Study 1 Results: Online Buyer Relationship Formation

Independent Variables Hypothesis Model 1 Model 2 Model 3 Model 4

Main Effects
Bilateral communication H1a .23 (.01)** .21 (.01)** .20 (.01)** .18 (.01)**
Seller’s reputation H2a .33 (.02)** .27 (.01)** .35 (.03)** .25 (.01)**
Buyer’s relational observation H3a .13 (.01)** .18 (.01)** .11 (.02)** .18 (.01)**
Buyer’s experience .01 (.03) .02 (.12) .03 (.14) .04 (.08)
Buyer’s reciprocal relationship -.12 (.01)** -.12 (.01)** -.09 (.01)** -.14 (.01)**

Interactions
Bilateral communication · Buyer’s experience H1b -.15 (.01)** -.15 (.01)**
Seller’s reputation · Buyer’s experience H2b .25 (.01)** .26 (.02)**
Buyer’s relational observation · Buyer’s
experience

H3b -.43 (.04)** -.40 (.03)**

Buyer’s relational observation · Bilateral
communication

H4a .13 (.01)** .13 (.01)**

Buyer’s relational observation · Seller’s
reputation

H4b .24 (.01)** .26 (.02)**

Bilateral communication · Buyer’s reciprocal
relationship

H5a .13 (.01)** .14 (.01)**

Seller’s reputation · Buyer’s reciprocal
relationship

H5b .13 (.01)** .14 (.01)**

Buyer’s relational observation · Buyer’s
reciprocal relationship

H5c .18 (.00)** .18 (.01)**

Controls
Seller’s duration .02 (.04) .13 (.17) .22 (.19) .17 (.24)
Common events .02 (.27) .02 (.38) .01 (.06) .03 (.31)
Buyer’s followers .34 (.03)** .26 (.02)** .31 (.04)** .26 (.02)**
Seller’s followers .38 (.02)** .26 (.01)** .31 (.03)** .23 (.01)**
Seller’s product breadth .02 (.23) .04 (.28) .12 (.34) .03 (.21)
Frailty N.A. N.A. .14 (.21) .19 (.33)
Sample size 1,074 1,074 1,074 1,074
R2 .28 .30 .27 .28
Adjusted R2 .27 .28 .26 .27
Log-likelihood -15,987.56 -15,747.13 -16,185.42 -15,993.50
Wald c2 1,459.14** 1,561.33** 1,351.53** 1,442.62**
Akaike information criterion 29,939.02 29,709.02 30,106.84 29,958.12
Bayesian information criterion 29,984.85 29,769.01 30,296.04 29,993.40

*p < .05.
**p < .01.
Notes: N.A. = not applicable. This table shows the standardized coefficients. Standard errors are in parentheses. Model 1 is the main-effects-only

model, Model 2 is the final model, Model 3 is themain-effects model with a frailty term, andModel 4 includesmain and interaction effects with
the frailty term.
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with the combination of its strong direct effect and its
enhancing effects on the seller’s reputation and communica-
tion. Study 1 thus improves understanding of the factors that
increase the likelihood that a buyer will form a relationship
with a seller, based on the premise that a buyer–seller rela-
tionship is a critical precursor to a purchase decision. In Study
2, we evaluate this premise by testing the sales payoffs earned
from unilateral and reciprocal online relationships.

Dynamic Payoffs from Unilateral and
Reciprocal Online Relationships

(Study 2)
In Study 1, we examined the factors affecting buyer relationship
formation in online shopping communities. In Study 2, we
focus instead on the dynamic payoffs to sellers when they form
such online relationships. Extant research has focusedmostly on
the indirect effects of social networks, such as Facebook and
Twitter, on seller performance (Curty and Zhang 2011); we
instead examine the direct payoffs that sellers experience from
their portfolios of online relationships. Specifically, we inves-
tigate the dynamic effects of both unilateral buyer-to-seller
relationships and seller-to-buyer relationships and reciprocal
relationships on sales performance, then evaluate whether the
more committed reciprocal relationships outperform the uni-
lateral relationships (Figure 1, Panel B). Another key difference
is the unit of analysis: in Study 1, we considered the buyer, or
individual buyer’s relationship formation over time, whereas in
Study 2, the unit of analysis is the seller—or the effect of the
seller’s relationship portfolio, spanning many buyers—on that
seller’s sales performance over time. The dependent variable in
this study thus is seller performance, or the seller’s daily sales
revenue from all buyers.

Conceptual Model and Hypotheses

Effect of unilateral relationships on seller performance.
According to a recent study of a retailer-sponsored online

community, joining an online community and forming rela-
tionships with other customers increases customers’ spending
(Manchanda, Packard, and Pattabhiramaiah 2015). We advance
this research stream by investigating how the relationships
between buyers and sellers influence sales in a non-firm-
sponsored online shopping community. Consistent with ex-
tant research (Ha 2004), we argue that forming a relationship,
whether initiated by buyers or sellers, indicates some interest,
involvement, and engagement and is a precursor to purchase.
Extensive relationship marketing research has also shown that
offline relationships increase sellers’ performance (Palmatier
et al. 2006). When a seller initiates a unilateral relationship
with a buyer, it signals the seller’s belief in the buyer’s quality
and likely puts the seller on the buyer’s radar, increasing
awareness. Overall, a seller initiating a relationship represents
a relational investment to engage with the buyer, which should
increase the buyer’s likelihood to purchase from that seller
(Rust andChung2006).We expect that sellerswithmore seller-
unilateral relationships (relationships initiated by the seller but
not reciprocated by the buyer) outperform sellers with fewer
such relationships. Similarly, buyers form relationships with

sellers to reduce information asymmetry and risk, thereby
enhancing trust, so they should be more likely to buy from
sellers with whom they have relationships (Palmatier 2008).
We therefore expect that sellers with more buyer-unilateral
relationships (initiated by the buyer but not reciprocated by the
seller) outperform sellers with fewer such relationships.

H6: (a) Seller- and (b) buyer-unilateral relationships positively
affect seller performance.

Effect of reciprocal relationships on seller performance.
In addition to the effect of one-sided, unilateral relationships

initiated by either a seller or a buyer, we examine the effect
of reciprocal relationships (bidirectional relationship between
the buyer and seller) on seller performance. Reciprocation is a
critical step in relationship formation because it signals that both
parties are motivated, increasing mutual trust and commitment,
and prompting exchange norms, all of which increase per-
formance (Dahl, Honea, andManchanda 2005). Extant research
has suggested that reciprocity is a key structural characteristic of
social networks that operate in an online channel (Ansari,
Koenigsberg, and Stahl 2011). Reciprocal relationships may be
more valuable to the seller than unilateral relationships because
reciprocity leads to relationship growth, loyalty, and a desire to
reward a partner directly through more sales and indirectly
through positive word of mouth (Palmatier et al. 2009).
Therefore, reciprocal relationships more accurately represent
the strength of the seller’s relationship portfolio than unilateral
relationships because, bilaterally, strongly committed custom-
ers likely have a higher propensity to make repeated purchases,
expand into other product categories, and serve as advocates for
new customers (Reinartz and Kumar 2003).

H7: Reciprocal relationships positively affect seller performance.
H8: Reciprocal relationships have a greater positive effect on seller

performance than do unilateral (a) seller and (b) buyer
relationships.

Methodology

Sample and measurement. Study 2 focuses on the dynamic
payoffs to sellers of building a portfolio of seller- and buyer-
unilateral and reciprocal relationships in an online shopping
community. We use the same context and time frame for the
longitudinal data collection in Study 2 that we used in Study 1.
Rather than analyzing an individual buyer’s relationship for-
mation, however, we evaluate the impact of these relationships on
seller sales. With a web crawler program, we recorded daily
transaction for each item listed in each seller’s electronic shop,
then calculated daily total revenue for each seller. Because we
were unable to identify a specific buyer’s sales from Study 1, we
captured all buyers’ purchases from the same 336 sellers across
the same time frame. The final sample includes 5,231 buyers and
336 sellers. The seller (buyer) unilateral relationship measure
represents the number of relationships initiated by the seller
(buyer) that are not reciprocated. Reciprocal relationships are the
number of bidirectional relationships between a seller and buyers
in the online shopping community. As a control variable, we also
include the seller’s reputation, as an endogenous variable based
on average customer reviews (i.e., same as in Study 1). Table 1
provides the definitions and operationalizations, and Table 2
contains the descriptive statistics and correlations.
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Estimation and results. To account for the dynamic
nature and potential endogeneity among the variables in
our conceptual model, we use a VARX method (Stephen
and Toubia 2010) that captures the interdependent evo-
lution of the variables. By treating each variable as
potentially endogenous, the VARX model reveals
dynamic, complex interdependence among the variables.
It also captures the cumulative effects of relationships on
sales (Dekimpe and Hanssens 1995). We follow a four-
step approach for estimating VARX models (Fang et al.
2015).

First-differencing indicates that all the variables are sta-
tionary, in support of our choice to estimate a VARX model in
difference. To determine an appropriate number of lags, we
used the Schwarz Bayesian information criterion (SBIC). A
single period emerged as an appropriate lag (SBIC = 5.42).
Thus, we estimated a VARX system to capture the dynamic
interactions among the three types of relationships in a seller’s
portfolio, reputation, and sales revenue, written as follows:
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where Yt indicates seller performance, St is the number
of seller-unilateral relationships, Bt stands for the number of
buyer-unilateral relationships, RBt refers to the number of
reciprocated relationships, and REt is seller reputation, all at
time t; j denotes the lagged period used in the VARX model.

The vector of the exogenous variables includes, for each
endogenous variable, an intercept that is a deterministic trend
variable that captures the impact of the omitted, gradually
changing trend of the variables (Fang et al. 2015). Consistent
with Joshi and Hanssens (2010), we took a log-transformation
of all variables so that the coefficients could be interpreted as
elasticities. We derived the impulse response functions (IRFs),
which trace the impact of a unit shock to any endogenous
variable on other endogenous variables over time. Following
Dekimpe and Hanssens (1995), we use generalized IRFs (or
simultaneous shocking) to ensure that the order of the variables
in the system does not affect the results and to account for
contemporaneous effects. The duration of the shock is equal to
the last period in which the IRF value had a |t|-statistic greater
than 1. We accumulated IRFs until lag k to reflect the cumu-
lative effect of the unexpected shock in the impulse variable on
the response variable. Table 4 contains these results.

In support of H6a and H6b, seller-unilateral relationships
(elasticity = .10, p < .01) and buyer-unilateral relationships
(elasticity = .19, p < .01) positively affect seller performance.
Reciprocal relationships also positively influence seller sales

(elasticity = .30, p < .01), in support of H7. Both H8a and H8b

also receive support because the effect on sales performance is
stronger for reciprocal relationships than for unilateral seller
relationships (difference = .20, p < .01) or unilateral buyer
relationships (difference = .11, p < .05), according to the
pairwise difference tests.2 A VARX model also provides
insights into the dynamic reach of the three types of relation-
ships. Changes in seller-unilateral relationships have the
shortest reach; they significantly affect seller sales for only one
day, whereas buyer-unilateral relationships affect sales for four
days. Reciprocal relationships have the longest reach, with an
effect on sales for seven days. Reciprocal relationships lift sales
(in dollars) approximately 60% more than do buyer- and three
times more than do seller-unilateral relationships (Table 4).

Discussion

These results strongly support the premise that building a
portfolio of reciprocal relationships is very important to growing
sales in online shopping communities. The effect of reciprocal
relationships on seller sales is three times greater and lasts many
times longer than that of seller-initiated unilateral relationships;
it is 60% greater and also lasts longer than buyer-initiated uni-
lateral relationships. Thus, reciprocation represents a key process
for online relationship building and an important precursor to
purchase decisions. Sellers can indirectly influence buyer rela-
tionship formation by signaling their value as a partner (building
a stronger reputation), or they can initiate relationships with
potential buyers directly. However, our results suggest that seller
relationship building has limited effectiveness for sales unless
sellers get buyers to reciprocate (follow back). Reciprocation
generates a substantial multiplier effect for both sales and
dynamic reach. Thus, in Study 3, we consider a managerially
important research question that emerges from these results:
how can sellers get buyers to reciprocate their seller-initiated
unilateral relationship?

Seller Strategies for Forming
Reciprocal Relationships (Study 3)
In Study 1, we show that relational observation is the most
impactful signal for buyers’ online relationship formation be-
cause it (1) has a direct effect on buyer relationship formation
and (2) enhances the positive effects of both communication and
reputation on buyer relationship formation. Furthermore, these
relational observation effects are twice as strong when buyers
form reciprocal versus unilateral relationships. Combining these
insights with the results from Study 2, which show elevated
payoffs from reciprocal relationships compared with unilateral
relationships, we design Study 3 as a field experiment to isolate
the effect of relational observation on the buyer’s reciprocation
of the seller’s relational efforts and identify factors that can
enhance its effectiveness (see Figure 2). Thus, Study 3 provides

2In a post hoc analysis, we separated the reciprocal relationships
variable into seller-initiated and buyer-initiated reciprocal rela-
tionships to test for possible asymmetry in the effects on sellers’
sales. Both variables significantly increased sales, but we found no
significant pairwise difference.
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managerially actionable strategies for using relational obser-
vation to grow online sales.

Conceptual Model and Hypotheses

Building on the powerful effect of relational observation on
buyers’ natural relationship formation, we investigate whether
sellers can improve their relationship-building efforts by pro-
actively identifying buyers that are more likely to reciprocate.
As in Study 1, we assert that relational observation occurs when a
buyer follows another communitymemberwho follows a specific
seller. The fellow community neighbors whom the buyer follows
and who also follow the focal seller represent intermediaries. An
intermediary’s choice of seller thus sends a signal to buyers that
this seller is reliable, credible, and a good fit with the buyer who
follows that intermediary (Chen, Wang, and Xie 2011). Seller-
initiated relationship efforts in turn should be more successful for
buyers who engage in relational observation than for those who
do not.

H9: A buyer is more likely to reciprocate a seller-initiated rela-
tionship if the buyer observes an intermediary following that
seller (i.e., buyer relational observation).

When relational observation occurs, the reputations of both
the intermediary and the buyer should determine the effectiveness
of relational observation for promoting reciprocation. The effect
of reputation can be understood from a signaling perspective,
because signals have more weight according to the relative
credibility of the source and the receiver (Cialdini 2009). The
intermediary’s and buyer’s reputations both refer to general
beliefs about these actors’ expertise, knowledge, and credibility.
Reputation or status can be inferred in online contexts by the
number of followers,which “serves as a quality indicator for users
of the community-generated content” (Labrecque et al. 2013,
p. 258). Buyers are more likely to reciprocate seller-initiated
relationship efforts when they observe an intermediary with a
higher reputation because they judge the intermediary’s choice as
more credible. However, the intermediary’s reputation effects are
suppressed for buyers with reputations that are stronger than the
intermediary’s, because buyers give less weight to a sourcewith a
similar or lower level of perceived expertise or knowledge (Adjei,
Noble, and Noble 2010). For example, a new buyer with few
followers, observing an intermediary with many followers, likely

perceives that intermediary as more credible and knowledgeable
than would a buyer who already has even more followers.

H10: During relational observation, (a) an intermediary’s reputa-
tion positively affects the buyer’s likelihood to reciprocate
(i.e., buyer-reciprocated relationship), and (b) these effects
diminish as the buyer’s reputation increases.

Methodology

We conducted a field experiment on an online social media
platform (Weibo.com, known popularly as “China’s Twitter”)
to provide more confidence in the validity of our arguments,
test the effectiveness of the important constructs identified
in Studies 1 and 2 in a different online context, and address
possible endogeneity concerns. In cooperation with a large
seller of food and beverage products with approximately 1 mil-
lion followers, we implemented a field experiment.

In the field experiment, we manipulated the groups of po-
tential buyers with which the seller initiated a relationship:
(1) the first group—relational observation group of potential
buyers—consisted of only those communitymembers who also
had an intermediary following the seller, and (2) the second
group of potential buyers—control group—consisted only of
those who did not know any intermediary following the seller,
meaning they could not engage in relational observation.

To construct the sample, we identified 4,000 members (in-
termediaries) who recently started following the seller. We then
identified all followers of these 4,000 members, using a web
crawler. After we removed potential targeted buyers who already
were following the seller, we obtained a sample pool of 98,704
potential targeted buyers, none of whomwere following the seller
and all of whom were following an intermediary that was fol-
lowing the seller (relational observation condition). We randomly
selected 386 potential buyers from this sample (we started with
400, but removed 14 observations with outliers on non-
manipulated variables that were –3 SDs from the mean). The
control group consisted of a randomly chosen 2,400 members
who were not following either the seller or any intermediary that
was following that seller. To ensure that the samples matched on
all other attributes, we adopted a propensitymatching process and
generated the samenumber of observations.Mean comparisons of
the nonmanipulated variables confirmed that no significant dif-
ferences existed between the two groups (see theWebAppendix).

TABLE 4
Study 2 Results: Dynamic Payoffs from Unilateral and Reciprocal Online Relationships

Path Tested Hypothesis
Elasticity
Estimate

Number
of Days

Dollar
Valuea

Seller-unilateral relationships → Seller performance H6a .10** 1 $3.31
Buyer-unilateral relationships → Seller performance H6b .19** 4 $6.29
Reciprocal relationships → Seller performance H7 .30** 7 $9.93
Pairwise difference (Reciprocal relationships ‒ Seller-unilateral
relationships)

H8a .20** $6.62

Pairwise difference (Reciprocal relationships ‒ Buyer-unilateral
relationships)

H8b .11* $3.64

Seller reputation → Seller performance .04

*p < .05.
**p < .01.
aDollar value generated from one additional relationship.
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The managerial strategy of using a seller-initiated rela-
tionship was implemented with all 772 potential buyers over an
eight-hour period. That is, using this seller’s account, we ini-
tiated relationships with (followed) potential buyers in both
groups. After seven days, we identified all buyers in both groups
who had reciprocated the seller-initiated relationship. This
window is reasonable; 96% of the reciprocal follows hap-
pened within three days. Thus, our dependent variable, buyer-
reciprocated relationship, equals 1 if the buyer followed back
and 0 if the buyer did not. For each buyer, we also capture
reputation (number of followers), number ofmembers the buyer
follows, and the buyer’s activity level (number of posts).

The second goal of the experiment was to test H10, which
posited that when relational observation occurs, the reputations
of both the intermediary and the buyer determine the effec-
tiveness of relational observation for promoting reciprocation.
Because this hypothesis involves only the relational observation
group, the analysis examined only this group of buyers. Thus,
testing H10 required no additional manipulations; rather, we just
measured the reputations of each intermediary and each of the
386 buyers, using the number of followers for each.

Estimation and Results

To test our hypotheses, we use logistic regression, consistent
with our binary dependent variable. In Panel A of Table 5, we
include the buyer’s relational observation (1 = relational
observation, 0 = control) and control variables such as repu-
tation, activity level, and the number of members the buyer
follows to predict whether each buyer will reciprocate the seller-
initiated relationship. A log-transformation of all control vari-
ables corrects for skewness. The results support H9; a buyer is
more likely to reciprocate a seller-initiated relationship if (s)he
observes an intermediary following the seller (i.e., there is buyer
relational observation) (b = .59, p < .05).3

To evaluate H10, we estimated the model only for the
relational observation group and tested whether the interme-
diary’s reputation increased buyer reciprocation and whether

FIGURE 2
Field Experiment Testing Seller Strategies for Forming Reciprocal Relationships (Study 3)

+H9 +
Seller-initiated 

relationship

Buyer’s relational observation
vs.

No relational observation 
(control group)

Buyer-reciprocated 
relationship

A: Utilizing Relational Observation to Enhance Buyer’s Reciprocation (vs. Control Group)

+

H10b –
Buyer-reciprocated 

relationship

Buyer’s reputation 
(suppresses 

intermediary’s reputation 
effect)

H10aIntermediary’s reputation 
(enhances relational 
observation’s  effect)

Relational Observation Subgroup

B: Moderating Relational Observation’s Effect with Intermediary and Buyer’s Reputations

3As a robustness check, we operationalized relational observation
as a continuous variable (i.e., number of intermediaries a buyer has)
and still found support for H9 (b = .19, p < .01). We thank an
anonymous reviewer for this suggestion.
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the buyer’s reputation suppressed this effect. Panel B of Table 5
includes the intermediary’s reputation, buyer’s reputation,
intermediary’s reputation · buyer’s reputation interaction,
number of members that the buyer follows, the buyer’s activity
level, and the buyer’s number of intermediaries,whichwe use to
predict buyer reciprocation. In support of H10a, the interme-
diary’s reputation significantly increases the buyer’s recip-
rocation (b = .32, p < .01) when relational observation exists.
As predicted by H10b, the interaction of the intermediary’s
reputation · the buyer’s reputation was negative and significant
(b = -.16, p < .01); intermediary’s reputation effects are sup-
pressed as the buyer’s reputation increases.

Discussion

The results of Study 3 provide insights into managerially ac-
tionable strategies that sellers can use to increase the percentage of
potential buyers who would reciprocate their relationship-
building efforts. First, 8.8% of the participants in the relational
observation group and 5.2% in the control group reciprocated the
seller-initiated relationship, representing an approximately 70%
lift in the buyer’s likelihood to reciprocate in the treatment group.
Thus, when deciding which potential buyers to follow in hopes
of converting them into customers, rather than randomly fol-
lowing anyone, sellers could review their existing followers and
follow those members of the community who follow those
intermediaries. These potential buyers are much more likely to
reciprocate, and as Study 2 shows, reciprocal relationships sig-
nificantly outperform unilateral relationships. Second, sellers can
identify targeted buyers among the followers of intermediaries
with high reputations, who signal expertise and credibility and

thus increase the likelihood that potential buyerswho follow them
will reciprocate with the seller. Third, the balance between the
reputation of the intermediary and the reputation of the potential
buyer is important to consider; signals havemore weight with the
greater relative credibility of the source to the receiver.

Although online relationship building is rather inexpensive,
sellers should work to maintain a higher proportion of recipro-
cal versus unilateral relationships because this ratio signals
the quality of their relationships. Some community members
“unfollow” others who do not reciprocate after some period of
time. As one Twitter user noted, “I unfollow if they have shown
no interest in interacting with me” (Schaefer 2013).

Emerging Theory of Online
Relationships

Although some may argue that online relationships function in
the sameway as do offline relationships, we suggest that several
fundamental differences must be accounted for to understand
and effectively execute online relationship marketing strategies.
As a first step in supporting this effort, we describe the unique
characteristics of online relationships, outline evidence from
extant as well as this research, and discuss implications for
building and executing online relationship marketing strategies.
Three tenets parsimoniously capture these insights and inform
the emerging theory of online relationships that we summarize
in Table 6.

First, online relationships are more anonymous than offline
ones. Offline partners typically know the identity (e.g., name,
job) of potential partners,with some confidence.Online partners
instead tend to have limited information about or confidence in

TABLE 5
Study 3 Results: Effect of Relational Observation and Reputation on Buyer’s Reciprocation

Variable Hypothesis Parameter Estimate

Relational Observation Enhances Buyer Reciprocation (vs. Control Group)
Constant -2.40 (.69)**
Buyer’s relational observation (0 = no relational observation, 1 = relational observation) H9 .59 (.29)*
Buyer’s reputation -.10 (.13)
Number of members buyer follows -.03 (.10)
Buyer’s activity level -.05 (.06)
Sample size 772
Pseudo R2 .02
Likelihood ratio 6.54

Moderating Effects of Reputationsa

Constant -6.41 (1.68)**
Intermediary’s reputation H10a .32 (.13)**
Intermediary’s reputation · Buyer’s reputation H10b -.16 (.06)**
Buyer’s reputation -.05 (.14)
Number of members buyer follows .30 (.14)*
Buyer’s activity level .13 (.09)
Buyer’s number of intermediaries .24 (.08)**
Sample size 386
Pseudo R2 .11
Likelihood ratio 22.98

*p < .05.
**p < .01.
aThese estimates feature the relational observation subgroup, because the intermediary’s reputation is not defined in the no relational observation
group (i.e., control group).
Notes: Standard errors are in parentheses.
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the identity of a partner, such that “the relative anonymity
of e-commerce provides a basis for opportunism that does
not exist in more traditional forms of business exchange”
(Rotman 2010, p. 59). The lack of geographical proximity
adds anonymity in terms of location, beyond the identity
anonymity that characterizes computer-mediated exchanges.
Consequently, the added risk of opportunism from unknown
or distant partners and the scarcity of other cues make any
available risk-reducing signals highly impactful on online
relationship formation. Our research shows that observing
other community members, receiving seller communication
or follow-back, and reading reviews are all critical signals
that give a buyer confidence to build a relationship or make a
purchase. Thus, managers need to carefully identify and
control the limited number of online risk-reducing signals
they transmit. We know the importance of reviews, but other
functions, such as seller “likes,” customized communication,
and other community-based signals, are less well understood
and demand further research.

Anonymity also allows online relationships to form and end
quickly. When relational partners know that they can end a
relationship and are very likely to never “run into” the person
again while also having few common acquaintances, it promotes
both risky trial and easy termination. For example, in Study 3,
96% of the observed reciprocal relationships formed in the first
three days. Managers should be aware of the high rate of change
and short decision windows in online contexts and develop
processes to support a nearly real-time response to relational
outreach. Otherwise, sellers may lose an opportunity to build a
relationship with significant financial ramifications. As Study 2
shows, missing an opportunity to reciprocate a buyer’s outreach
can reduce sales by approximately 40%, as well as ruining the
chances of benefiting from a long-term relationship. More
research is needed to understand the optimal response time for
online reciprocation that can signal interest but not that the
response is automated or without any partner discernment.

In addition, anonymity supports online relationship for-
mation and influence among dissimilar people because of the

TABLE 6
Emerging Theory of Online Relationships: Research Tenets

Unique Online Characteristics Source of Unique Characteristics Supporting Evidence

Tenet 1: Online anonymity makes any risk-reducing signals highly influential for relationship formation, allows online
relationships to form and end quickly, and supports relationship formation and influence among dissimilar partners.

Online relationships are more
anonymous: Partners have
limited information or certainty
regarding the identity of
potential online partners
(Rotman 2010).

• Online relational partners can be
located anywhere in the world.

• 96% of reciprocal relationships formed in only
3 days (Study 3).

• Online relationships lack rich, face-to-
face interactions and other nonverbal
cues about trustworthiness of an
online relational partner (Rovie 2013).

• Studies show increased risk of opportunism
(Rotman 2010).

• Social norms are weaker online (Wallace 1999).

Tenet 2: The ease of forming andmaintaining online unilateral relationships allows customers to develop an extensive and
diverse portfolio of unilateral relationships, which represents an important source of insight for their decision making.

Unilateral relationships are easier
to form and maintain online:
many online relationships have
a stable, unilateral structure, in
which a relationship partner
never reciprocates but remains
in the unilateral relationship as
a follower (Trier and Richter
2015).

• Unilateral relationships have lower
formation and maintenance costs
(effort, time, emotion) online.

• A typical online user has more unilateral than
reciprocated relationships (Study 2).

• Offline unilateral relationships become
either bilateral as social norms make
partners reciprocate relational
advances, even when not desired
(Cialdini 2009), or else disintegrate if
one partner’s failure to reciprocate
causes the other partner to avoid
future interactions.

• There is less social pressure to reciprocate
relational advances in a computer-mediated
environment (Trier and Richter 2015).

• There are fewer barriers to relationship
formation and termination online (McKenna,
Green, and Gleason 2002).

Tenet 3: Reciprocated online relationships have a strong effect on customers’ psychological commitment and financially
relevant behaviors.

Tenets 1 and 2 outline key
differences between online and
offline relationships; Tenet 3
highlights a commonality that is
not widely acknowledged but
appears to be fundamental to
building relationships online
(i.e., reciprocity).

• Because most online relationships are
unilateral, reciprocation may take on
added significance; it helps a buyer
differentiate a particular relationship
among the vast number of unilateral
relationships.

• Impact of risk-reducing signals is enhanced
when reciprocating a seller’s outreach versus
initiating a relationship (Study 1).

• Feelings of reciprocity are
fundamental and represent a
hardwired social rule; they translate
across cultures and can be felt even
toward inanimate objects, such as
computers (Nass and Yen 2010).

• Reciprocal relationships lift sales (in dollars)
about 60% more than do buyer and three times
more than do seller-unilateral relationships
(Study 2).

• Reciprocal relationships have the longest
impact on sales: seven days versus one and
four days for seller- and buyer-unilateral
relationships, respectively (Study 2).
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fewer visual cues and lower pressure from social norms (Wallace
1999). Sellers can use online anonymity to make vertical moves
in products and brands by building communities in which on-
line shoppers provide information, testimonials, and relational
observation for dissimilar groups of potential customers that
would typically not interact in an offline context. The strong role
of relational observation in promoting relationships and sales can
work across very dissimilar groups in an anonymous online
context (Studies 1 and 3), but this would be atypical in the offline
context as shoppers often ignore input from people dissimilar to
themselves (Yaniv, Choshen-Hillel, and Milyavsky 2011). This
discussion of anonymity leads to our first tenet:

Tenet 1: Online anonymity makes any risk-reducing signals highly
influential for relationship formation, allows online rela-
tionships to form and end quickly, and supports relation-
ship formation and influence among dissimilar partners.

Second, unilateral relationships are much easier to form
and maintain online than offline. The lower cost (effort, time,
emotion) and continuous temporal connectivity (24/7) of online
relationships allow users to reach out and build relationships
with many buyers and sellers. In an offline context, exchange
partners typically must be colocated in space and time for initial
relationship building, and this process requires more cognitive
and emotional effort in rich, face-to-face, offline environments
to build and maintain the relationship. In addition, offline
relationships over time tend to either become bilateral, if social
norms pressure partners to reciprocate relationship advances
(Cialdini 2009), or disintegrate, because one partner’s failure to
reciprocate over timewill cause the other partner to feel spurned
and avoid future interactions, thus limiting the size of offline
relational portfolios.

In contrast, many online relationships have a stable uni-
lateral structure, in which a relationship partner never recip-
rocates but remains in the unilateral relationship as a follower
(Trier and Richter 2015). It is common for online partners not to
reciprocate relational advances, because the computer-mediated
environment reduces the social pressure to do so. This allows
people to build extensive, easy-to-maintain, unilateral rela-
tionships that would be virtually impossible in an offline setting.
For example, reality television star Kim Kardashian has 66
million unilateral relationship followers on Instagram, but only
104 of them are the more effortful bilateral or reciprocated
online relationships. Thus, the ease of forming and maintaining
unilateral online relationships allows customers to develop
an extensive and diverse portfolio of unilateral relationships,
which is important—and sometimes even essential—for deci-
sion making (e.g., identifying products or trustworthy sellers).
For example, for buyers considering forming a unilateral re-
lationship, relational observation had strong direct and lever-
aging effects on relationship formation. Managers need to
recognize that most of their potential online customers are going
to turn to this pool of partners for information and insight. Thus,
sellers should use strategies such as entering a new cluster of
customers and leveraging their interconnections rather than
targeting different customers with few common intermediaries.

Tenet 2: The ease of forming and maintaining online unilateral
relationships allows customers to develop an extensive
and diverse portfolio of unilateral relationships, which

represents an important source of insight for their deci-
sion making.

Third, while the previous two tenets outlined key differ-
ences between online and offline relationships, this last tenet
highlights a commonality that is not widely acknowledged but
appears to be fundamental to building online relationships (i.e.,
reciprocity). Reciprocity appears to be as important online as it is
in an offline context. Many managers involved in our research
were surprised at the significant difference in sales coming from
buyer-unilateral relationships (i.e., buyer is following a seller)
versus reciprocal relationships (i.e., seller is also following the
buyer), with sales from the latter being 60% higher and having
nearly twice the dynamic reach (Study2).Butwhydobuyers care
if the seller follows them back, if they get the same information
and access? Research has suggested that people use the same
psychological processes to manage their online and offline
relationships, and reciprocity promotes relationship formation,
encourages positive behaviors, and enhances performance (Zhu
et al. 2012). Therefore, managers should realize that reciprocat-
ing a link is a critical relationship-building step, even online, with
psychological significance beyond the seemingly trivial action
involved.

In particular, our results show that buyers seem to make a
meaningful commitment when they reciprocate a seller’s out-
reach because the impact of risk-reducing signals is enhanced
when they do so, relative to initiating a relationship (Study 1).
The sales performance also is greater for reciprocal than for
either type of unilateral relationship (Study 2). In this sense,
managers must not only reciprocate their customers’ outreach
efforts (which many sellers in our sample failed to do) but also
design strategies to promote customer reciprocation as a means
to build stronger online relationships and enhance sales. Re-
ciprocation may even take on added significance in an online
context because it helps the buyer differentiate a particular
relationship among the vast number of unilateral relationships;
however, more research is needed.

Tenet 3: Reciprocated online relationships have a strong effect on
customers’ psychological commitment and financially
relevant behaviors.

General Discussion
Academic research on the drivers and payoffs of online rela-
tionship formation is scarce. In response, we aim to increase
understanding of online relationship formation, the performance
payoffs of different types of online relationships, and the most
effective relationship-building strategies. Our three studies pro-
vide both theoretical and managerial implications.

Theoretical Implications

As discussed in depth in the previous section, we identify
fundamental differences and commonalities in offline and
online channels that can affect relationship formation and build
on these insights to offer three research tenets as a first step in
developing a theory of online relationships. This emerging
theory attempts to prevent academics andmanagers from simply
extending results from offline relationships to an online context
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with little regard for its unique characteristics. We highlight the
theoretical implications of a few other findings next.

Our results show that in the online context, being able to
validate the choice of a relational partner by observing the
behavior of other people (i.e., relational observation) is a critical
buyer strategy. Relational observation signals the quality of the
seller directly, increasing the likelihood of relationship for-
mation, but it also enhances the positive effects of both com-
munication and the seller’s reputation. Online e-retailer
Overstock.com agrees that “observing the behavior of other
people” was key to its overall success (Bradley et al. 2011,
p. 12). Buyers also use other signals, such as communication
or reputation, to reduce information asymmetry with sellers
and reduce the risks of relationship formation.

However, ignoring the dynamic nature of online relation-
ships can mask the differential effectiveness of observable
signals over time. The effects of communication and relational
observation diminish as the buyer gains experience in the
community, but the positive effect of the seller’s reputation
increases with more buyer experience. This latter finding
conflicts with our prediction. Perhaps when buyers gain
experience in the community, they learn and identify which
sellers have strong reputations, follow them to keep track of
these “leading” sellers, and reward them by returning to pur-
chasemore. This investigation of the dynamic effects of various
signals for buyers extends previous research. For example,

Katona, Zubcsek, and Sarvary (2011) suggest that network
duration has no effect on the growth rate of a user’s network.
We confirm the lack of a direct effect, but we also show that
duration has a significant, moderating effect on relationship
formation across many trust-inducing signals. Finally, our
results are consistent with previous online research on the
importance of reputation; they also extend these findings by
revealing the key role of the relative difference in reputations
among members when observing their behaviors.

Managerial Implications and Insights into Online
Relationship-Formation Strategies

As our three studies show, when it comes to online relationship
formation and its payoffs, three aspects are critical: (1) risk-
reducing signals, such as communication, reputation, and
relational observation; (2) the level of the buyer’s experience;
and (3) the relationship type (unilateral vs. reciprocal). In a post
hoc analysis designed to derive managerial insights, we inte-
grated the Study 1 results (Table 7, Panel A) with the elasticity
results from Study 2 to obtain takeaways about the most
effective strategies at different levels of buyer experience (–1
SD) and relationship type (unilateral vs. reciprocal), as sum-
marized in Table 7, Panel B. With this analysis, we determine
that, independent of buyer experience, bilateral communication,
seller reputation, and relational observation all have greater

TABLE 7
Managerial Insights into Online Relationship Formation Strategies

A: Post Hoc Analysis for Study 1

Hazard Probability of Relationship Formation

Low Buyer’s
Experience (21 SD)

High Buyer’s
Experience (11 SD)

Bilateral Communication
Buyer’s reciprocal relationship = 0 (unilateral relationship) .36 .06
Buyer’s reciprocal relationship = 1 (reciprocal relationship) .62 .32

Seller’s Reputation
Buyer’s reciprocal relationship = 0 (unilateral relationship) .13 .63
Buyer’s reciprocal relationship = 1 (reciprocal relationship) .39 .89

Buyer’s Relational Observation
Buyer’s reciprocal relationship = 0 (unilateral relationship) .80 -.06
Buyer’s reciprocal relationship = 1 (reciprocal relationship) 1.16 .30

B: Managerial Takeaways

• For newbuyers, relational observation is themost effective online risk-reducing signal, followed by communication and the seller’s
reputation.

• For experienced buyers, seller’s reputation is the most effective online risk-reducing signal, followed by communication and
relational observation.

• Buyer–seller reciprocal relationships consistently outperform unilateral relationships, regardless of the level of the buyer’s
experience. Reciprocal relationships lift sales (in dollars) about 60% more than do buyer-unilateral relationships and three times
more than seller-unilateral relationships.

• To increase the likelihood of potential buyers reciprocating seller-initiated relationships rather than randomly following anyone,
sellers should review their existing followers (i.e., intermediaries) and follow those members of the community who are following
the intermediaries (vs. following members who lack any intermediaries following the seller).

• Sellers should identify who, among their followers, has the highest reputations and then initiate relationships with their followers,
because buyers are more likely to reciprocate seller-initiated relationship efforts when they observe an intermediary with a higher
reputation than their own.
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effects on buyer relationship formation when a buyer is
reciprocating versus initiating a unilateral relationship. The
effects on reciprocal relationships range from approximately
50% greater for relational observation with inexperienced
buyers to five times greater for bilateral communication with
experienced buyers. These signals are critical to get buyers to
form higher-performing reciprocal bonds with a seller. Study 2
shows that reciprocal relationships have three timesmore impact
on seller performance than seller-unilateral relationships, indi-
cating that seller strategies leading to higher levels of reciprocal
relationship formation will be most effective.

In addition, the effectiveness of online risk-reducing signals
depends on the extent of the buyer’s experience in the com-
munity and whether that buyer is initiating or reciprocating a
relationship. For new buyers in the community (–1 SD in
experience) forming reciprocal relationships, relational obser-
vation is most effective for increasing relationship formation
(approximately 90% more effective than the second best
strategy, communication). The pattern of results for new buyers
in unilateral relationships initiated by the seller is similar.
Relational observation leads to the biggest increase in buyer
relationship formation; it is twice as effective as communication
and six timesmore effective than seller’s reputation.Newbuyers
thus appear to value signals they observe from the actions of
close others. As one community buyer notes, “I care about what
my friends like. I have added [followed] many of their favorites
to my list of favorites and have bought several things based on
that activity feed that I otherwise wouldn’t have known about”
(Auman 2010). Searching through a vast number of sellers may
seemoverwhelming to buyerswhen theyfirst join a community.
Thus, observing the sellers that their “friends” follow may
determine the buyer’s early consideration set of sellers.

In contrast, the pattern for experienced buyers (+1 SD)
shows that for buyers in reciprocal relationships, the seller’s
reputation is the most effective means to increase the likelihood
of buyer relationship formation (almost three times as effective
as communication or relational observation). The ranking stays
the same for experienced buyers in unilateral relationships
initiated by the seller. Thus, relational observation, which was
most effective for new buyers, is the least effective for expe-
rienced buyers. Seller’s reputation is the least effective for new
buyers, but it leads to the largest increases in buyer relationship
formation for experienced buyers. Regardless of the buyer’s
experience level, however, our analysis shows that reciprocal
relationships consistently generate higher returns than unilateral
ones.

Overall, the biggest bang for the buck for sellers comes from
building reciprocal relationships. The elasticity analysis in
Study 2 shows that reciprocal relationships generate payoffs that
are 60% to 200% greater than those of unilateral relationships.
Study 3 identifies some strategies that increase the likelihood of
forming reciprocal relationships, such as the presence of an
intermediary that follows that seller (relational observation).
Thus, it would be more effective for sellers to initiate rela-
tionships with those buyers whom they have identified by
looking through the members who already follow them.

Limitations and Research Directions

This research has several limitations. We test our conceptual
framework in a goods context, but emerging online market-
places also focus on selling services. Further research could
investigate whether the online risk-reducing signals in services-
oriented online communities differ from those we investigated.
We examine relationships between buyers and sellers in an
online shopping community who could have simultaneous
relationships with members of other communities in the same
online marketplace. Additional research could investigate the
impact of relationships outside a focal community on the
relationships within that community.

We faced some restrictions due to the available data. In
Study 2, the private nature of the transactional data prevented us
from isolating which transactions came from which specific
buyer. Thus, it is accounted for at an aggregated level, with seller
performance measured as sales from all buyers in a given time
period. We also did not have access to private communications
between buyers and sellers. Further research might study how
communication may make buyers more aware of specific
sellers, as another mechanism for enhancing relationship for-
mation. In addition, because Study 2 focused on the payoffs of
formed relationships to sellers, the sample consisted of sellers
with whom buyers had formed relationships in Study 1, who
may be more effective than average for the entire community.

Reciprocity also played an important role. Further research
might aim to deepen this understanding by investigating
whether buyers and sellers choose to reciprocate for different
reasons, as well as whether or how their performance outcomes
depend on which party initiates versus reciprocates the rela-
tionship. Consistent with our focus on relationship formation,
our studies address “early-stage” relationships; further research
could investigate how to maintain or refresh more mature
relationships and assess long-term payoffs to sellers.
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